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GLOWIN

e mapping information ties among states by tracking the
content of news media

e big data: online news media in close to 200 states, across
60+ languages

o text-as-data/natural language processing (NLP): dictionary,
supervised ML, generative Al

e applications e.g. on states’ media visibility (Parizek and
Stauber 2024), media coverage of 10s (Parizek 2024), EU in
the context of COVID-19 and the War in Ukraine (Rauh and

Parizek 2024), and on the war in Ukraine and its narratives
GL VYWIN
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V4 Media Slant

e using inovative NLP methods to map media bias in V4
countries

e new database of news media articles from Czechia, Hungary,
Poland and Slovakia

e Media Dashboard

GLYWIN
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Research goals

e Validate the SML models developed within the GLOWIN
project and apply them to the new data.

e Present reflection of the war in Ukraine by the Czech media
as a case study for a narrative detection task to uncover
possible bias across diffent outlets and over time.

GLYWIN



Theoretical background



Media bias

e Various media outlets may favor specific actors (e.g.,
political parties, politicians, economic organizations,...).

e The systematic long-term favoring of particular actors in
reporting can be referred to as media bias (Rodrigo-Ginés,
Carrillo-de-Albornoz, and Plaza 2024).

e This can be measured using NLP techniques to detect
tonality, emotions or reproduction of specific narratives.

GLYWIN
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Narratives of the war

e strategic narratives of the war key for the war itself and the
broader context (Freedman 2006; Miskimmon, O’Loughlin,
and Roselle 2013; Schmitt 2018)

e news media a key carrier of these narratives

Two main competitors:

1. Western narrative: The war presented as an illegal,
unprovoked aggression by Russia.

2. Russian narrative: The war presented as a defensive

response to Western expansion to Russia’s sphere of
influence. GLYWIN
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Research Design
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Tracking the narratives of the war
with generative Al: Workflow

Create Worldwide Sample J Machine T (ati .l Select Articles Mentioning N Human Coding - Text About J Validation Acainst GPT-4 . Classification of a Training | |
achine franstation Russiaor Ukraine | War/ War Narratives | 7| ‘o qationAgainstoRlA e o ple Using GPT-4 | 71 Model for Inference

1. Have GPT code a small sample of data (KWICS on the war)

2. Validate against human-labeled data

3. Have GPT code 10 000 KWICS, create a balanced training
dataset

4. Fine-tune a DeBERTa model with this data
5. Deploy this fine-tuned model on the dataset

GLYWIN
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Our prompt

In 2022, Russia attacked Ukraine. The Russian view is that Russia conducts this special
military operation because it needs to defend itself against Western expansion and
threats to its security from NATO and the United States and that Ukraine only serves the
interests and hegemonic ambitions of the West. The Western view is that the conflictis an
illegal and unprovoked invasion, that the aggressive war Russia wages violates Ukrainian
sovereignty and undermines European security and that Russia attacks innocent civilians
and commits crimes. In the following, | will provide you with a short text. Please write in
less than five words which of the two views the text is closer to — Russian (write view ‘R’)
or Western (write view ‘W’). Many texts will not contain any of these views. If you do not
recognize any of these two views, please write ‘not applicable’.

GLYWIN



ChatGPT (GPT-4) performance on a
small hand-labelled dataset

Truevs. Predicted NA R W

NA 42 3 2
R 2 19 1
W 2 1 8

e solid performance (F-1>0.8), the use of chatGPT seems
validated for the task

e close to half of text segments no narrative

GLYWIN



15

Using GPT-4 instead of human coders

e balanced sample of chatGPT-labeled data (6,426 KWICS) to
fine-tune a deberta-v3-large model (F-1=0.83)

e solid performance on the small hand-labelled dataset

Humanvs.DeBERTa NA R W
NA 43 0 4
R 4 16 2
W 1 3 7

GLYWIN
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Empirical data

e News media articles from Czechia

o Sample covers wide spectrum of media outlets with different political positions and
ownership structure

e Czech media landscape
= A2larm: critical, left-wing

Blesk: tabloid

= iDnes: mainstream, center-right, previously owned by Andrej Babis
= info.cz: conservative, right-wing

= iRozhlas: public radio broadcaster

= Novinky: mainstream, center-left

= Parlamentni Listy: desinformation

= Seznam Zpravy: mainstream, center-right

GLYWIN
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Pre-processing

The sample was splited into sentences

Using regular expressions sentences refering to Russia AND/
OR Ukraine were selected

The resulting subsample machine-translated to English
using open source model OPUS

The sentences associated with the war selected through a
fine-tuned DeBERTa model (trained with 1000+ human-
labelled KWICS, F-1>0.9)

GLYWIN
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escriptive statistics
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Evolution of media bias over time
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Estimation of the bias?

e Aggregate on the article level (mean of probabilities over

sentences refering to

Russia)

e OLS model with weekly fixed-effects

e Models predicting mean probability of presence of Russian
and Western narrative and difference between them

feols (Predicted Probability ~

Domain + Neutral | Date)

GLYWIN



Full period



Predictions from the model
(Difference)
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Predictions from the model (Russia)

labelR

irozhlas.cz a2larm.cz blesk.cz idnes.cz info.cz novinky.cz parlamentnilisty.cz ~ seznamzpravy.cz
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Predictions from the model (West)

|

labelW
_‘—

irozhlas.cz a2larm.cz blesk.cz idnes.cz info.cz novinky.cz parlamentnilisty.cz ~ seznamzpravy.cz
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Reduced sample (after
04-2024)



Predictions from the model
(Difference)
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Predictions from the model (Russia)

labelR

irozhlas.cz a2larm.cz blesk.cz idnes.cz info.cz novinky.cz parlamentnilisty.cz  seznamzpravy.cz
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Predictions from the model (West)

labelW
—.—

irozhlas.cz a2larm.cz blesk.cz idnes.cz info.cz novinky.cz parlamentnilisty.cz ~ seznamzpravy.cz
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Conclusions and next steps

e unique data on news media reporting of the war: significant differences across outlets

e The empirical strategy was able to capture a Russian-leaning bias in the case of
disinformation actor

NLP tools for detecting the narratives of the war
= validated use of GPT-4 for coding
» GPT-labelled data used to fine tune DeBERTa

need to differentiate between reporting / citing and endorsing the narrative

e Theresults should be further validated using topic models to understand the actual
content and evolution of the narratives

GLYWIN
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